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Abstract 
Mass media sources, specifically the news media, 

have traditionally informed us of daily events. In 

modern times, social media services such as Twitter 

provide an enormous amount of user-generated data, 

which have great potential to contain informative 

news-related content. For these resources to be 

useful, we must find a way to filter noise and only 

capture the content that, based on its similarity to 

the news media, is considered valuable. However, 

even after noise is removed, information overload 

may still exist in the remaining data hence, it is 

convenient to prioritize it for consumption. To 

achieve prioritization, information must be ranked 

in order of estimated importance considering two 

factors. First, the temporal prevalence of a topic in 

the news media is a factor of importance, and can be 

considered the media focus (MF) of a topic. Second, 

the temporal prevalence of the topic in social media 

indicates its user attention (UA). 

Keywords: MF-Media Focus, UA-User 

Attention, UI-User Interest, API-Application 

Programming Interface, IDE- Integrated 

Development Environment. 

 

I. Introduction   

The mining of valuable information from online 

sources has become a prominent research area in 

information technology in recent years. Historically, 

knowledge that apprises the general public of daily 

events has been provided by mass media sources, 

specifically the news media. Many of these news 

media sources have either abandoned their hardcopy 

publications or moved to the World Wide Web, or 

now produce both hard-copy and Internet versions 

simultaneously. These news media sources are 

considered reliable because they are published by 

professional journalists, who are held accountable 

for their content. On the other hand, the Internet, 

being a    free and open forum for information 

exchange, has recently seen a fascinating 

phenomenon known as social media. In social 

media, regular, non-journalist users are able to 

publish unverified content and express their interest 

in certain events. 

Consolidated, filtered, and ranked news topics 

from both professional news providers and 

individuals have several benefits. The most evident 

use is the potential to improve the quality and 

coverage of news recommender systems or Web 

feeds, adding user popularity feedback. 

Additionally, news topics that perhaps were not 

perceived as popular by the mass media could be 

uncovered from social media and given more 

coverage and priority. For instance, a story that has 

been discontinued by news providers could be 
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given resurgence and continued if it is still a 

popular topic among social networks. This 

information, in turn, can be filtered to discover 

how particular topics are discussed in different 

geographic locations, which serve as feedback for 

businesses and governments. 

II. Implementation 

We implemented the system using data mining concept. 

Proposed System 

 Pre-processing 

In the pre-processing stage, the system first queries 

all news articles and tweets from the database that 

fall within date d1 and date d2.   

 

 Key Term Extraction 

The set of terms from the news data source consists 

of keywords extracted from all the queried articles. 

Due to its simple implementation and effectiveness, 

we implement a variant of the popular TextRank 

algorithm to extract the top k keywords from each 

news article. 

 
Fig 1: methodology description 

Content selection and Ranking 

Now the prevalent news Tc-s that fall within the 

dates d1 and d2 are identified, relevant content 

from the two media sources that is related to these 

topics must be selected and finally ranked. Related 

news from news media will represent the MF of the 

topic. Similarly, related items from social media 

(Twitter) will represent the UA. 

III.  RESULTS 

Figure 2 shows the registration module. This 

module is used by every user to do the registration. 

User need to provide name, email-id, consumer 

key, consumer Secret key ,Access Token, Access 

Token Secret and password during registration. 

 

Fig 2: Registration Module 

The login module is used by the user to login into 

the system. They need to provide username and 

password to login. The system consist of two kinds 

of user. First is the admin who controls other users 

in the system. Second is the user who is using the 

system. 
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Fig 3: Admin Login 

Figure 3 shows the admin details. Here the user name is 

admin and is fixed throughout the life of this software. 

When the admin authentication is successful, admin 

homepage is displayed. 

 
Fig 4: User login 

Figure 4 shows the user login details Login 

contains two entries email-id and password. The 

password recovery option is also provided through 

the forgot password option user will receive the 

password when a registered mobile number is 

entered. 

Fig 5: Ranking module 

 

The Figure 5 shows the ranking module. This 

module is used by the user to check the correctness 

of news posted in twitter. 

 
Fig 6:  Search Module 

Figure 6 shows the search module. This module is 

used by the user to search any news that is trending 

in twitter. 
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IV . CONCLUSION  

This Proposed system identifies the news topics 

prevalent in both social media and the news media, 

and then ranks them by considering their MF and 

UA as relevance factors. The temporal prevalence 

of a particular topic in the news media is 

considered the MF of a topic, which gives us 

insight into its mass media popularity. The 

temporal prevalence of the topic in social media, 

specifically Twitter, indicates user interest, and is 

considered its UA. Finally, the interaction between 

the social media users who mention the topic 

indicates the strength of the community discussing 

it, and is considered the UI. 
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