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ABSTRACT 

 In modern world of online movie reviews being published  or posted by viewers and opinion makers of 

the business through online medium and mobile applications; the sentiment analysis assists in near perfect 

prediction about movie on its scope of success or failure in a very short time. We use text Mining to extract 

valuable information from large amount of data. Challenges here being the opinion word we take into 

consideration and the way how people express their opinion. Some words give a positive opinion in one 

situation and the same gives a negative effect in other situation. We consider here in our text processing those 

small differences between two pieces of texts that do not change the meaning very much. Sentiment analysis is 

used to find words that indicate sentiment and helps to understand the relationship between textual reviews and 

the consequences of those reviews. In this proposed system we build a simple  sentiment autoregressive model 

using machine learning technique - support vector machine that  can produce very good accuracy for predicting 

the box office sales using online review data. We use document level sentiment analysis that consists of term 

frequency and inverse document frequency.  

Keywords : Sentiment analysis, Support Vector Machine , Text Mining, Online movie reviews,     

         Machine learning 

1.INTRODUCTION 

Sentiment analysis is the process used to determine the attitude/opinion/emotion expressed by a person 

about a particular topic.  Mining  is  utilized  to  individuals  to  concentrate  profitable  data  from  extensive  

measure  of  information.  Assumption  investigation  or  supposition  mining  is  the  field  of  computational    

investigation  of  individuals'  feeling  communicated  in  composed  dialect  or  content.  Take a shot at 

assessment investigation has hitherto been constrained in the news article area. This has for the most part been 

created by  news articles without an obviously  characterized target,  the trouble in isolating great and terrible 

news from positive and negative notion and  the appearing  need of, and many - sided quality in, depending on 

space particular elucidations an d foundation information. 

Sentiment analysis refers to the use of natural language processing, text analysis and computational 

linguistics to identify and extract subjective information in source materials. Sentiment analysis is widely 
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applied to reviews and social media for a variety of applications, ranging from marketing to customer service. 

Generally speaking, sentiment analysis aims to determine the attitude of a speaker or a writer with respect to 

some topic or the overall contextual polarity of a document. The attitude may be his or her judgment or 

evaluation, affective state, or the intended emotional communication.. 

It is the field of study of analyzing people’s opinions, sentiments, evaluations, attitudes, and emotions 

from written language. Sentiment analysis systems are used in almost every domain because opinions are central 

to almost all human activities. They are key influencers of our behaviors. Sentiment analysis uses natural 

language processing and text analysis to identify and extract information about a particular field of interest. Due 

to the popularity of the social media such as blogs and social networking sites such as Facebook, Twitter etc. the 

interest in sentiment analysis has increased to a higher extent. 

This task is commonly defined as classifying a given text  into one of two classes: objective or 

subjective. This problem can sometimes be more difficult than polarity classification. The subjectivity of words 

and phrases may depend on their context and an objective document may contain subjective sentences. 

Moreover, as mentioned, results are largely dependent on the definition of subjectivity used when annotating 

texts. However also showed that removing objective sentences from a document before classifying its polarity 

helped improve performance. 

A large number of works have been carried out previously in the domain of online review mining. The 

various research groups are exploring the different ways to use text mining and sentiment analysis as the next 

generation paradigm shift. They applied machine learning, methods for classifying the online movie reviews, 

collected from the Internet Movie Database, to positive or negative which are then applied in a straightforward 

way to form the base-line for classification accuracy. The results showed that using machine learning methods 

like SVM, Naive Bayes etc. achieved significant improvement over the baseline. The problem is that most 

sentiment analysis algorithms use simple terms to express sentiment about a product or service. However, 

cultural factors, linguistic nuances and differing contexts make it extremely difficult to turn a string of written 

text into a simple pro or con sentiment. 

2.EXISTING SYSTEM 

Anchal [2] analyze various techniques of sentiment analysis for opinion mining like machine learning 

and lexicon-based approaches. The various techniques used for Sentiment Analysis are analyzed to perform an 

evaluation study. Mohammed [3] discusses the characteristic of social networks and the effects of Emoji in text 

mining and sentiment analysis. Twitter is taken as information source for analysis. This analysis proves that the 

utilization of Emoji characters in sentiment analysis results in higher sentiment scores. Yuxiao[4] proposed a 

novel scheme for Twitter sentiment analysis with additional attention on emojis. They built a bi-sense emoji 

embeddings under positive and negative sentimental tweets individually and train a sentiment classifier with 

LSTM. 

Schukla [5] presented a tool which judges the quality of text based on annotations on scientific papers. 

Its methodology collects sentiments of annotations in two approaches. It counts all the annotation produces the 
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documents and calculates total sentiment scores. Kasper [6] proposed a Web Based Opinion Mining system for 

hotel reviews. It is capable of detecting and retrieving reviews on the web and deals with reviews. It has multi-

topic domain and is based on multi-polarity classification. Mobile devices products reviews were analyzed by 

Zhang [7]. 

Nisha [8] uses Machine learning to predict the classification accuracy using Naïve Bayes algorithm. In 

addition, the research made a judgment of the product quality and status in the market is advantageous. This 

research used three machine learning algorithms :Naïve Base Classifier, K-nearest neighbour, and random forest 

to calculate the sentiments accuracy. Godbole [9] analyzes news sentiments and blogs. It splits work in the 

context of their specific task sentiment analysis for news and blogs into two categories. First category which 

regards with techniques for automatically creating sentiment lexicon and the second one which relates to 

systems that analyze sentiment for entire documents. 

Esuli [10] proposed the sentiment evaluation which refers to get the sentiment polarity -positive,  

negative, or neutral of a text reviews data and evaluate the sentiment score of the text review. The previous 

research on sentiment-based categorization of the input documents has implicated either the using models 

inspired mostly by cognitive linguistics [11] or the manual or semi-manual construction of discriminate word 

lexicons [12]. Turney [13] introduced a new method for sentiment extraction in real time in the domain of 

finance; which is working based on messages from web-based stock message boards, attempt to automatically 

label each message. Common sources of opinionated texts have been movie and product reviews [14], [15], 

[16], blogs [17], [18], [19] and Twitter posts [20], [21], [22]. 

3.SUPPORT VECTOR MACHINE 

 SVM is a linear classifier, uses hyperplane to separate the classes. If our dataset is linearly separable 

their exists infinite hyperplane to separate the data. For non-linearly separable data's we map the datapoints into 

high dimensional feature space where they will be linearly separable. As there exists infinite hyperplanes, the 

one with the largest margin is chosen. The margin is a positive distance from the decision hyperplane. The 

support vectors are the training patterns that are close to the hyperplane and are the most difficult patterns to 

classify. Hyperplane is defined by a set of weights and bias. Maximum margin hyperplane for given training set 

need to be found. 

4.PROPOSED SYSTEM 

We propose a sentiment analysis system using one of the machine learning technique-support vector 

machine(SVM). We study the relationship between the online reviews for a movie and the movies box office 

revenue performance. The techniques are applied on online movie reviews and predict the box office collection 

of the movie based on the reviews and analyses how much effect the reviews have on the box office collection. 

The  text model in which a document is represented as a vector, whose entries correspond to individual terms of 

a vocabulary are constructed. Part of this text information is supposed to be a significant indicator of sentiment 

expression. Text preprocessing is used to filter the required words used for sentiment analysis. The score of each 

sentence in the source document is calculated by sum of weight of each term in the corresponding sentences. 
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Clustering of the review data based on the TF-IDF measure was performed. The fuzzy clustering was 

implemented on the data. In fuzzy clustering, every point has a degree of belonging to clusters, as in fuzzy logic, 

rather than belonging completely too just one cluster. Thus, points on the edge of a cluster, may be in the cluster 

to a lesser degree than points in the center of cluster. The algorithm minimizes intra-cluster variance. But it has 

the same problems as k-means where the minimum is a local minimum and the results depend on the initial 

choice of weights. The success or failure of the movie is predicted based on the reviews. 

 

4.1 Text pre-processing 

Pre-processing of text is required to filter the required keywords. The text data is separated into tokens that 

is group of characters. This process is known as tokenization. Some of the words which do not carry meaning 

for our processing are classified as stop words. A stop-list is the name commonly given to a set or list of stop 

words. Some of the words that are frequently used stop words for English include ”a”, ”of”, ”the”, ”I”, ”it”, 

”you”, and these are generally regarded as ’functional words’ which do not carry meaning. These words are 

removed from our data because they do not contain any information for the task. 
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Fig 1: Pre-Processing of Text 

4.2 Transformation 

 The text data need to converted into scores. In the transformation process, the score for each sentence is 

calculated in the document. The weight of each term is calculated by the product of term frequency and inverse 

document frequency. These two terms are calculated based on the adjective word extracted from the removal of 

stop words. 

 

Fig 2: Transformation Process 

4.3 Clustering 

 Clustering of the document review is based on the term frequency and inverse document frequency 

measurement. In clustering, every  data belongs to only one cluster. Here, fuzzy clustering is used where every 

data point has a degree of belonging to clusters. In fuzzy logic every item belongs to many cluster  rather than 
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belonging completely to just one cluster. Thus, points on the edge of a cluster, maybe in the cluster to a lesser 

degree than points in the center of cluster. A fuzzy membership is assigned to each point. 

 

Fig 3: Clustering of words 

4.4 SVM classification 

 After the removal of the outliers based on the fuzzy clustering, the improved feature sets were used for 

sentiment classification. SVM is mainly used for the sentiment classification. It classifies the positive and 

negative reviews. The class value is whether the sales of the movie go up or down for the day. 

 

Fig 4:  Text Classification 
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4.5 Evaluation 

 Accuracy is a common measure for classification performance. It is the proportion of correctly 

classified examples to the total number of examples ,while error rate uses incorrectly classified instead of 

correctly. The classification with or without clustering gave the same result as the data used for prediction is 

small and the number of outliers removed. It gives the review result in graph and shows the status of movie. 

 

Fig 5: Graph Report 

 

 

Fig 6: Evaluation 
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5. CONCLUSION 

The proposed system applies different data mining techniques on online movie review data. It predicts 

the box office collection for movie. This system obtains improved accuracy. Classification accuracy for 

prediction was improved  by using clustering method. Using the online movie review data, the box-office 

collection and the success or failure of the movie is predicted based on the reviews. Clustering of the data 

seemed to lead to better class labeling and also feature selection. Most of the reviews also use emoji along with 

the text data. In future,  the emoji images can also be considered along with the text to provide a better analysis 

of customer reviews. 
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